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Abstract

In this paper we extend some well known properties of monotone and maximal mono-
tone operators to the wider class of e-monotone and maximal e-monotone operators. The
main results concern local boundedness of maximal e-monotone operators, maximal 2e-
monotonicity of the Clarke—Rockafellar subdifferential 3¢ X f for an e-convex function f, and
the characterization of e-monotonicity of an operator 7' via the behaviour of its e-Fitzpatrick
function outside the graph of T.

Keywords e-Monotonicity - Maximality - Generalized subdifferential - Fitzpatrick function

Mathematics Subject Classification 47HOS - 49J53 - 47TH04

1 Introduction and preliminaries

In this paper X is a real Banach space, with topological dual space X*, and (-, -) denotes the
duality pair.

Given an operator 7 : X — 2X* its domainis D(T) = {x € X : T (x) # @}, and its
graph gr(T) = {(x,x*) e X x X*:x* e T (x)}.

The operator T is said to be monotone if for every x,y € D(T), x* € T (x) and
yerT ),

(F =y x=y) =0 V(x,x), (v, ") € gr(T), ey

and T is said to be maximal monotone if its graph is not properly included in the graph of
any other monotone operator.
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In literature monotone and maximal monotone operators have been intensively studied
due to their important properties and applications (see, for instance, [16] and the reference
therein).

Subsequently, many authors introduced generalized monotone operators with the aim to
extend to a larger class of operators some of the properties of the monotone ones. In the
sequel we will focus on the class of e-monotone operators for which the inequality in (1) is
weaker, requiring only that

(X" =y*, x—y) = —elx,y),

where the error bifunction e : X x X — R is nonnegative and symmetric, i.e. e(x, y) =
e(y, x).

The primary aim of this work is essentially theoretical and seeks to address a broader
class of generalized monotone operators by examining the minimal properties required of
the function and to rediscover known properties of monotone operators.

Examples of error bifunctions are a nonnegative constant, e(x, y) = ||x — y||, e(x,y) =
llx — ylI%, e(x, y) = min{o (x), 0 (¥)}|lx — y||, where o : X — Risa nonnegative function,
to name a few. With any of these particular choices, many different classes of generalized
monotone operators studied in the literature can be recovered.

In particular, recently some authors investigated one of these classes, namely the premono-
tone operators which corresponds to the particular choice e(x, y) = min{o (x), o (y)}||x — y||
(see, for instance, [2, 12]).

Some of the results of this paper have a counterpart for the premonotone case; when the
proofs differ only slightly, we skip them giving more details in case specific properties of the
error bifunction e are involved.

The paper is organized as follows: in Sect.2 we give the notion of e-monotonicity and
maximal e-monotonicity of an operator T, together with some of the properties enjoyed. In
Sect. 3 the notion of (maximal) e-monotonicity is extended to bifunctions, and a relationship
between the monotonicity properties of 7' and the associated bifunction Gr is established.
Furthermore, we extend to maximal e-monotone operators the classical result of local bound-
edness of maximal monotone operators. In Sect.4 the connection between e-convexity of a
function f and 2e-monotonicity of its Clarke-Rockafellar subdifferential is explored. The
main result of this section is Theorem 18 where it is proved that, under suitable assumptions
on the error bifunction e, 3¢ f = 9K f, and 9 X f is maximal 2e-monotone. The last section
is devoted to an extension of the Fitzpatrick function for e-monotone operators; in particular,
the maximal e-monotonicity of an e-monotone operator 7 is characterized via the behaviour
of its e-Fitzpatrick function outside the graph of T'.

2 e-Monotone operators and maximality

The definition of e-monotone operator generalizes in a standard way the notion of monotone
operator which is recovered assuming e = 0:

Definition 1 Given an operator 7 : X — 2X" and an error bifunction e : X x X — Ry, we
say that T is e-monotone if for every x, y € D(T), x* € T (x) and y* € T (y),

(X =y y—x)<ex,y). )
Note that if 7' is an e-monotone operator and €’ is an error bifunction such that ¢’ (x, y) >

e(x,y) forall x, y € X, then T is also ¢’-monotone.
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Given an e-monotone operator T, one may wonder which is the smallest error bifunction
er with respect to which the operator T is er-monotone. To answer this question let us
consider for any operator 7 the bifunction er : X x X — R U {400} defined as follows:

er(x,y)=infla e Ry : (x* —y*, y —x) <a, Vx*eT(x), Vy* € T(y)}
if (x,y) € D(T) x D(T), and et (x, y) = O otherwise or, equivalently:

er(x,y) = (sup{(x* —y*,y —x): x,y € X, x* € T(x), y* e T(M}) " 3)
where, for a function f, we set ()™ = max{f, 0}.
It is easy to verify by the definition that
er(x,y) <e(x,y)on D(T) x D(T) “4)

if T is e-monotone, and that T is er-monotone, too. We remark that 7' is e-monotone for
some e if and only if e is real-valued.

To introduce the notion of maximality for e-monotone operators, we draw inspiration by an
approach used in the monotone and in other generalized monotone cases (see, for instance,
[14]) by introducing the reflexive and symmetric binary relation ¢ on X x X* defined as
follows:

(x, xM)e(y,y") <= "=y, y—x)<e(x,y). (5)

In case (5) holds, we say that (x, x*) and (v, y*) are e-monotonically related.
Then we define the e-monotone polar 7¢ : X — 2X" by setting, for every x € X,

T(x) = (x* € X*: (x,xM)é(y, y"), V(,y") € gr(T)).

Itis evideI}t that if T is e-monotone, then T (x) € T¢(x) for every x € D(T). In addition,
if u* € T¢(w)\T (u), the operator T’ : X — 2X" such that gr(T’) = gr(T) U (u, u*) is
e-monotone. This remark leads to the following definition of e-maximality:

Definition 2 Given an e-monotone operator 7' : X — 2X" we say that T is maximal
e-monotone if gr(7) = gr(T°).

The previous definition means that, for a maximal e-monotone operator 7', an e-monotone
operator T’ such that gr(T) C gr(T’) does not exist. Therefore, following the line of the
proof of Theorem 20.21 in [7], we can apply Zorn’s Lemma to the set

M={T":X - 25 : T is e — monotone, gr(T) C gr(T")}
to show that every e-monotone operator 7' admits a maximal e-monotone extension.

Remark 3 In order to prove that an e-monotone operator is maximal, it is enough to prove
that every pair (x, x*) e-monotonically related to every (y, y*) € gr(T) belongs to gr(T) or,
equivalently, for every x € X and x*™ ¢ T (x), there exists z € D(T) and z* € T (z) such that
(x, x*) is not e-monotonically related to (z, z*).

Proposition4 Let T : X — 2X" be an e-monotone operator. If T is maximal e-monotone,
then T is maximal er-monotone.

Proof We know that T is er-monotone. Since T is maximal e-monotone for every x € X
and x* ¢ T (x), there exists z € D(T) and z* € T (z) such that

(x* =z z—x) > e(x,2) > er(x, 2),

i.e. T is maximal e7-monotone. O
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Note that the converse is false:
Example 5 Consider T : R — 2R defined as follows:

X xe(—1,1)
T(x)=14 (—oo0,—1]x =—-1
[1,4+00) x=1

The operator T is not only monotone, but also maximal monotone; in particular, it is e-
monotone, for every error bifunction e, and er = 0. Take the error bifunction e defined as
follows:

4—(x—y? &,y el-1L1

e(x,y) =
(. ) 0 elsewhere

We will show that (0, 2)e(x, x*) for every (x, x*) € gr(T). In fact, if x € (—1, 1), we have
that

(x—0,2—x)=2x —x> <e(0,x) =4 —x°.
Let x = —1 : for every o € (—o0, —1],
(=1-0,2—a)=-24+a <-3<e(-1,0)=3;
if x = 1, then for every « € [1, +00) :
(1-0,2—a)=2—-—a<1<e(,0)=3.
Since (0, 2) ¢ gr(T), we conclude that T is not maximal e-monotone.

The following result is similar to Proposition 2.7 in [2] and can be proved with the same
techniques. Let us recall that given xg € X, T is called sequentially normx weak*-closed

5
*

w
*
» — X; one has

at xo if for every sequence (x,, x;) € gr(T) such that x, — xo and x
x5 € T(xo).

Proposition 6 Every maximal e-monotone operator T is convex-valued and weak*-closed
valued. Moreover, if xo € D(T), and e(-, y) is upper semicontinuous at xo, then T is
sequentially normx weak®-closed at x.

These last results hold in a Hilbert space setting (see [4]).

Proposition 7 Let H be a Hilbert space, and T : H — 2™ be e-monotone. Suppose that
I + T is surjective. If (y, y*) € H X 'H is e-monotonically related to gr(T), then there exists
(x, x*) € gr(T) such that

I =yl = llx = yll < Ve(x, ). ©)

Proof By assumption R (I + T) = H. This implies that there exists an element x € H such
that y+ y* € (I 4+ T) (x). This implies that y + y* = x +x* for a suitable x* € T (x). From
this equality, we obtain that

y—x=x"—y* )
Besides, (v, ¥*) € H x H is e-monotonically related to gr(7'). Thus

=y y—x)<e(x,y). 8)
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From (7) and (8) we infer that
<y_x!y_x) =< e(x,)’)~
Therefore ||x — y|| < +/e (x, y). O

From the result above one can easily get the following (see Theorem 21.1 in [7]).

Corollary 8 Assume that T : H — 2™ is monotone. If R (I + T) = H, then T is maximal
monotone.

3 e-Monotone bifunctions and properties of e-monotone operators

As for the case of monotonicity, the notion of e-monotonicity is somehow extended also to
bifunction.

Definition 9 Let C be a nonempty subset of X and e : X x X — R be an error bifunction.
A bifunction F : C x C — R is called e-monotone if

Fx, )+ F({,x)<e(x,y), Vx,yeC. 9

Note that, taking into account the symmetry of e, the definition is equivalent to saying
that F/ — 2 is a monotone bifunction.

Givenany F : C x C — R, the operator A¥ : X — 2X" is defined by

Ap(x): x*eX*:F(x,y)>{x*,y—x), VyecC}ifxeC,
7 ifx ¢ C.

It is easy to show that for an e-monotone bifunction F, AF is an e-monotone operator.
Moreover, following [10], an e-monotone bifunction F is said to be maximal e-monotone if
AT is maximal e-monotone.

An important bifunction intrinsically linked to an operator 7 : X — 2X" s given by
Gr : D(T) x D(T) — R U {+o00} defined as (see, for instance, [4, 10])

Gr(x,y)= sup (x*,y—x).
x*eT (x)
For each x € D(T), Gr(x, ) is lower semicontinuous and convex, and G (x,x) = 0.
The following result shows that Gr is actually real-valued whenever T is e-monotone, and
establishes some relations between e-monotonicity of Gt and T as in Proposition 3.3. in [2].

Proposition 10 Let T be an operator and e : X x X — R be an error bifunction. Then the
following statements are true:

(1) T is e-monotone if and only if G is e-monotone; in particular, if T is an e-monotone
operator, then G is real-valued on D(T) x D(T).

(i) If T is maximal e-monotone, then ACT = T and Gt is a maximal e-monotone
bifunction.

(iii) Suppose that T is an e-monotone operator with w*-closed convex values and D (T) =
X. If Gt is maximal e-monotone, then T is maximal e-monotone.

Proof (i)Let T : X — 2X" be e-monotone. For any x,y € D (T) we have

(y*vx_y>+<-x>kvy_x>Se(x9y)9 VX*GT(X)»)’*GT()’)’
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sup (y*7x_y>+ sup (-X*ay_x)Se(xsy)’
y*eT(y) x*eT (x)

or, equivalently,
Gr(x,y)+Gr(y,x) =e(x,y). (10)

This means that Gr is real valued and e-monotone. The converse holds trivially starting from
(10).
(ii) For every x, y € D (T) we have

Gr(x,y)= sup {(x*,y—x)>{"y—x) Ve Tx).
x*eT (x)

This means that 7' (x) € ACGT (x). Since T is maximal e-monotone, and A7 is e-monotone,
we conclude that T = ACT .

(iii) Since G is maximal e-monotone, according to the definition, AS7T is maximal
e-monotone. Let x € X and z* € AT (x). Then

Gr (x,y)= sup (x*,y—x)> (" y—x).
x*eT (x)

Now, according to the separation theorem, it follows that z* € T (x). Consequently,

T = A7 and T is maximal e-monotone. O

In the following result, we extend the well-known fact that every set-valued monotone
operator T from X to X* is locally bounded within the interior of its domain. We will denote
by B(x, r) the open ball with centre x € X and radius r.

We first recall the following definition from [2]:

Definition 11 A bifunction F : C x C — R is said to be locally bounded at x¢ € C if there
exist R > 0 and M € R such that F(x,y) < M forall x,y € C N B(xg, R). We call F
locally bounded on a set C if it is locally bounded at every x € C.

Proposition 12 Let X be a Banach space, and T : X — 2X" be an e-monotone operator,
where the error bifunction e is locally bounded at every point within int D(T). Then T is
locally bounded at every point of int D (T).

Proof First, let us establish that the function G is locally bounded on the interior of D(T').
Take any point xo € int D(T), and let € > 0 be such that B(xp, €) C int D(T) and e is
bounded on B(xg, €) x B(xg, €) by a constant M,,. Define the function g : B(xp,€) —
R U {+00} as follows:

g(y) =sup{Gr(x,y), x € B(xo, €)}.

Note that g is real-valued; indeed, since G is e-monotone by Proposition 10 (i), we have
that

Gr(x,y) <e(x,y) — Gr(y,x) < My, + lly§ll(e + Iy — xolD),

for some y; € T(y), and for every (x, y) € B(xo, €) X B(xo, €). Therefore, g(y) is real-
valued on B(x, €). Since g is convex and lower semicontinuous, and x¢ € int dom(g), there
exists 0 < § < € and M > O such that g(y) < M, for every y € B(xg, &) (see, for instance,
Theorem 2.2.8 in [13]). This implies that Gr(x, y) < M for every x, y € B(xo, §), i.e. Gr
is locally bounded at xo. By Remark 6 (b) in [3], T is locally bounded at x. O
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Under the assumption of 7' being maximal e-monotone, the aforementioned result has a
converse that generalizes a property of maximal monotone operators established by Vesely
(see [16]).

Let us denote by co(D(T')) the convex hull of D(T'). Recall that in case D(T') is a convex
set, then int D(T) = int D(T). In addition, the normal cone to D(T) at a point xg € D(T)
is given by

Npy(xo) = {x" € X* : (x*, y —x0) <0, Vy € D(T)}.
We now prove the following lemma:

Lemma 13 Let X be a Banach space, and T : X — 2% " be a maximal e-monotone operator.
Ifint co(D(T)) # @, then T (xo) is unbounded, for every point xo € D(T)\int co(D(T)).

Proof Let xo € D (T)\int co(D (T)); this implies that xo belongs to the boundary of the
closed and convex set co(D (T)). Since, by assumption, we have that int co(D (T)) # 0,
there exists a supporting hyperplane to co(D (T')) at xo; this means that there exists 0 #= w* €
X* such that (w*, xo) > (w*, x) for all x € D (T). This implies that w* € Np(r) (x0).

Take any x* € T (x0) and w* € Np(r) (x0). For each (y, y*) € gr (T') and every A > 0
we would have

(X aw* —y* y —xo) = (xF —y*, vy — x0) + Mw*, y —x0) < e(y, x0),

which implies that (xg, x* + Aw™) is e-monotonically related with all (y, y*) € gr (T). By
maximal e-monotonicity of 7 we obtain

x*+rw* e T (xg), VA>0. (11)

From (11) we infer that the set T (xo) is not bounded and so 7 is not locally bounded at xg.
O

Theorem 14 Suppose that T is maximal e-monotone with a convex domain D(T),
int D(T) # 0, and e (-, y) is upper semicontinuous for each y € D(T). If xo € D(T)
and T is locally bounded at xo, then xo € int D(T).

Proof The first part of the proof follows the line of Theorem 2.14 in [16].

By assumption T is locally bounded at xp, so there is an open neighborhood U of xp so
that T'(U) is a bounded set. Let {x,,} C D (T)NU be a sequence so that x, — xg and choose
(xn, x) € gr (T). According to Alaoglou’s theorem there exist a subnet (xq, x%) of (x4, x¥)

and x§ € X* such that x} > x;. Since the net {x} is in the bounded set 7 (U), we infer
that (x}, xo) — (X3, x0). Consequently, for all (y, y*) € gr (T)

(xg —y*,y —x0) = ligl(X§ — ¥y — Xa)

<limsupe (xq,y) < e(xp,y).
o

Hence (xo, x(*)‘) is e-monotonically related to all (y, y*) € gr (T). By the assumptions, we
get xo € D (T). Now by applying Lemma 13, we conclude that xo € int D (T). O
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4 Some results on generalized subdifferential and maximality

In this section we will focus both on the Clarke-Rockafellar subdifferentials and the e-
subdifferentials. The main result shows the maximal 2e-monotonicity of these operators. Let
us first recall some definitions from [1].

Definition 15 Let a function f : X — R U {400} and an error bifunction e be given. Then
f is called e-convex if

fax+A-ny)=tf ) +A -0 f+td-0e(x,y) 12)

forall x,y € X, and ¢t €]0, 1[.

Note that the domain of an e-convex function is necessarily convex.
Suppose that f : X — R U {+o0} is a proper function. The e-subdifferential of f is the
multivalued operator 3¢ f : X — 2% * defined as

Ff={x"eX* (x5 y—x)<fO)—f@) +elx,y), VyeX}

if x € dom(f); otherwise it is empty. It is easy to show that the e-subdifferential of any
function is a 2e-monotone operator.

Moreover, we recall that the Clarke-Rockafellar subdifferential of a proper, lower
semicontinuous function f at the point x € dom(f) is the set

ARrx)y={peXx*: fOox;v) = (p,v), YveX}
where

tw) —
fO%x;v) =lim limsup  inf SO+ tw) f()’)’
€0 y—)_/cx,[\[/() wev+eB t

B = B(0,1),and y — s x means that (y, f(y)) tends to (x, f(x))in X x R.If x ¢ dom(f),
then 3¢ £ (x) = 0.

The next results generalize properties well known for generalized monotone functions. In
Example 22.3 in [7] the authors provide similar results in case of other classes of generalized
monotone functions. Note that, unlike the monotone case which corresponds to e = 0,
we have no equivalence between e-convexity of the function and e-monotonicity of the
subdifferential.

Proposition 16 Let f : X — R U {400} be a proper, lower semicontinuous function, and
e : X x X — R be an error bifunction such that e(-, y) is upper semicontinuous on dom( f),
for every y € dom(f). Consider the following statements:

(1) f is e-convex;
() f(y)— f(x)+elx,y) > (x* y—x), forevery x € dom(f), y € X, x* € 3K f(x);
(iii) 9CR f is 2e-monotone.

We have that (i) = (ii) = (iii).

Proof (i) implies (ii): Under the assumptions, from Theorem 3.5 in [1] the inclusion
9CR £(x) C 8¢ f(x) holds for every x € dom(f). Thus, (ii) follows.

(ii) implies (iii): it trivially follows by adding the Lh.s. and r.h.s. of the inequalities (ii),
where we exchange the role of x and y, and from the symmetry of the error bifunction e. O
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Proposition 17 Let f be a proper, lower semicontinuous function with convex domain, and
e : X x X — R be an error bifunction such that e(x, x) = 0 for all x € dom(f), e(-, y) is
upper semicontinuous and convex on dom( f), for every y € dom(f). In addition, suppose
that D3R ) = dom( f). Consider the following statements:

(1) f is 2e-convex;
() fO)—fx)+e(x,y) > (x*, y—x), foreveryx € dom(f), y € X, and x* € 3R f(x);
(iii) 9CR f is e-monotone.

We have that (iii) = (ii) = (i).

Proof (iii) implies (ii): Let x € dom(f) and x* € ACR £ (x); by Zagrodny Mean Value
Theorem (see, for instance, [17]), for every y € dom( f) there exists ¢ € [y, x) and sequences
X, = cand x;} € 9CR £(x,) such that

lx =l liminf(x), x — x,) > f(x) — f(»);

llx = cl| n—=>too

b. liminfy oo Xy, x —y) = f(x) — f(¥).

From (iii), (x; — x*, x, — x) > —e(x,, x), thus, from a.,

£ = £ < 22 pi it — 2, v = ) + (%, x — )
lx = cll n—>+o0
< u(lim inf e(x, x,) + (x*, x —¢))
llx = cll "n—>+o0
< e = I (limsup e(x, x,,) + {(x*, x — ¢))
lx —cll "n>+o0
< Il = ¥l (e(x,c) + (x*, x —¢)).

~llx —cll
From the assumption of convexity of e(-, y), simple computations give

FO) = fx) = (x* y—x) —elx,y),
thereby proving (ii) for y € dom(f). If y ¢ dom(f), then the inequality in (ii) trivially
holds.

(ii) implies (i): Take any x, y € dom(f), ¢t € (0, 1), and set x; = (1 — ¢)x + ty. For every
xf e 9CR £ (x;) we have that

f) = fx) = (xf,x —x) —e(x, x;)
FO) = fOx) = (xfy —x) —e(y, xp).

Multiplying the first inequality by (1 —¢), the second one by ¢, adding up Lh.s. and r.h.s. and
taking into account the convexity of e(-, y) we get the assertion. O

The next result shows that, under suitable conditions, d¢® f = 9¢f, and the operator 3¢ f
is maximal 2e-monotone. The proof is partially inspired by Lemma 4.2 and Theorem 4.3
[11]. With the notation dh we will denote the classical subdifferential of convex analysis.

Theorem18 Let f : X — R U {400} be a proper, lower semicontinuous and e-convex
Sfunction. Suppose that, for every x € dom(f), e(x,x) = 0, e(x, -) is Fréchet differentiable
at x with derivative 0, e(x, -) is convex, and it is Lipschitz on X with a same constant for
every x € X (i.e. there exists « > 0 such that |e(x,z) — e(x,y)| < aly — z| for every
v,z € X). Then 3R f = 3¢ £, and it is maximal 2e-monotone.
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Proof First of all, let us show that, under the assumptions, 3¢ f = 3% f. From Theorem
3.51in [1] we have that 3¢ f (x) C 3¢ f(x). Let us prove the opposite inclusion. Take any
x*eodf(x),ie.,

fx+v)— f(x) > (x*,v) —ex,x+v), VYvelX.

We will show that x* € 3¢ f(x). Let v € X\{0}. For all x € dom(f) we have that
t —
POGiv) = lim limsup inf 22T = SO
€l0 y—> rx, 140 wev+eB t
t —
> lim limsup inf S +r1w) — f(x)

€0 ;0  wevteB t

. . . , X+t
> lim limsup inf ((x*, w) — M)
€l0 ;0 wevteB t

= lim limsup inf ((x*, v) +e(x*, w) p

e(x,x +t(v+ew))
€0 40 weB ’

Taking into account that e(x, x) = 0 and De(x, -)|, = 0 for every x € dom(f), if ¢|jv +
ew’|| — 0 we have that

e(x,x +t(v+ew)) =e(x, x) + (De(x, )|y, t(v + ew)) + o(t|v + ew'|)
o(t|lv+ ew'|).

Let us assume, without loss of generality, that € < ||v||. In particular for every n > O there
exists § > 0 such that

- e(x,x +1t(v+ew))
tv + ew’||

if 0 < t|lv + ew’|| < §. This implies that if 0 < ¢ < we have that

_é
lvll+e

- e(x,x +t(v+ew))

0= ; <nlv+ew'|l < n(vll +e).

Thus,

lim limsup inf ((x*, V) +e(x*, w)

e(x,x +t(v+ew))
€0 t10 weB

t
> lim ((x*, v) — €llx™[| = n([[v]l + €))
€l0

= (x*,v) —nlvll.

Thereby from the arbitrariness of n we get that x* € 3% f (x).

Since Proposition 16 entails that 3* f is 2e-monotone, to prove maximality we need to
show that for every y € X and y* ¢ 9¢R f(y), there exists z € dom(f), z* € 3K f(z) such
that

"=z y—z) < —2e(y,2).

Let g(x) = f(x) — (y*, x) and ¢ (x) = g(x) + 2e(x, y). Since y* ¢ d K £(y), it is easy
to verify that the function ¢, does not attain its minimum at y. Indeed, otherwise, we would
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have that 0 € 8CR¢y(y), ie,0 € 3R f(y) — y*, a contradiction. Therefore there exist
r € R and x; € dom(f) such that

;g(qby(x) < dy(x1) <r < Py(y) = g(y).

r— ¢y (x)
ly —xll

The left inequality is true since ¢ (x1) < r. To show the right inequality it is sufficient to
consider the points x € Ly = {x € dom(f) : ¢,(x) < r}. Note that L, is non-empty and
closed, and y ¢ L. Therefore, 0 < dist(y, Ly) < ||y — x| forallx € L,.

Since the function g is, in particular, also 2e-convex, then by Theorem 3.5 in [1], for every
x € dom(f), we have 9% g(x) C 9%¢g(x).

Since the domain of 3R f is dense in dom(f) from Corollary 3.2 in [6] we can find
u € dom(f) and u* € 826g(u). Then for every x € X we have

Set K = sup,cy rzy ; we will show that 0 < K < +o0.

g(x) = g(u) + (u™, x —u) —2e(x, u)
> g() + (W*, y —u) — lu*|lllx — yll — 2e(x, u)

Thus, for every x € L,

r—g() —2e(x,y) _ (r—g) — W'y —u)+2ex, u) - 2e(x, )M n
ly —xI B dist (y, Ly)
From the inequality above, taking into account the Lipschitz property of e(x, -), we get
K < +o0.

Letnow Hy : X — RU{+o00} givenby Hy(x) = K|y — x| + ¢, (x). The function Hy is
lower semicontinuous and Hy(x) > r for every x € X. Given 0 < € < K, by the definition
of K there exists xq such that Hy(xo) < r +€lly —xoll < infx Hy(x)e|ly — xo||. Therefore,
by applying the Ekeland variational principle (see, for instance Theorem 4.2.5 in [13]), there
exists a point z € X satisfying the following conditions:

]I

@ llz = xoll < Ily — xoll
(i)) Hy(2) < Hy(x0) — €llz — xol
(iii) Hy(z) < Hy(x) +€llz — x|| for all x # z.

From (iii) the point z is a global minimum of Hy(-) + €||z — -||, therefore 0 € I R (H, +
€llz— D (2). Since A€ X is an absubdifferential (see Definition 2.7 in [11]), and the functions
e, y), Iy — I, llz — -|| are convex with domain X, then from Theorem 3.4.2 in [13] we get
that

0€dK|ly—-(z) + 38 Rg(2) + 82e)(-, y)(2) + d¢llz — -] (2).

We can then find ¢* € K|y — -||(z), u* € 9% g(z), and p* € 3(2¢)(:, ¥)(z) such that
lw*l = llg* + p* + u*| < e. Then,

W y—2)=(p* 2=y +{g" z—y) +{w* y—2)
> 2e(z,y) + Ky —zll = [w*[llly — zll
> 2e(z,y) + (K — [[w*[Dlly — z|
> 2e(z, y).

To conclude the proof, it is enough to note that u* = z* — y*, where z* € 3R f(z). O

In the following example we exhibit an error bifunction satisfying all the assumptions of
the theorem above and an e-convex function for which 8¢ f is maximal 2e-monotone.
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Example 19 Let f : R — R U {400} given by

—x2  ifx e[-1,1]

+ oo otherwise

o]

and set e(x, y) = g(y — x) where

—4t—4 ifr< -2
g(t) =42 if —2<t<2
4t — 4 ift >2

The error bifunction e satisfies all the assumptions in Theorem 18. Taking into account
Example 3 in [5], we can verify that f is e-convex. Moreover, easy computations show that

—2x ifxe(—1,1)
[—2, +00) ifx =1
(—00,2] ifx=-—1

@ otherwise

I f(x) =

We now verify that 3¢ f is maximal 2e-monotone.
Note that (u, u*) € gr ((a€f)26) if and only if, for every (x, x*) € gr(3¢f),

W* —x*) (W —x) > —2e(x, u).

In the case where u > 1, this inequality is false for x = 1, while for u < —1, it is false for
x=—1.

For —1 < u < 1, the inequality for x € (—1,1) yields (u* + 2x)(u — x) > 0. It
is easy to check that the only possible choice for u* is to have u* € 9° f(u). Therefore,

9 f ) = 3° f)* w).

5 The Fitzpatrick function of an e-monotone operator

The Fitzpatrick function of a monotone operator was introduced by Fitzpatrick in [9] and it
makes a bridge between convex functions and maximal monotone operators (see, for instance,
[7, 8, 15] and the references therein).

For a monotone operator 7, let us recall that its Fitzpatrick function Fr : X x X* —
R U {400} is given by

Fr(x,x*) = sup  ((x",y)+ " x—y), (13)
(v, y*)egr(T)

or, equivalently,

Fr(x,x*)=(x*x)y— inf (y*—x*y—x) (14)
( ) (v, y*)egr(T) Y Y

Since (y* — x*,y — x) > 0 on gr(T), on this set Fr(x,x*) = (x*, x), and thus it is
proper. In addition, Fr is a lower semicontinuous and convex function.

In case of an e-monotone operator, we slightly change the definition of the Fitzpatrick
function involving also the error bifunction e.
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Definition 20 Given an e-monotone operator T, we define the e-Fitzpatrick function F7. :
X x X* - RU {+0o0} as follows:

Fr(ex*) = sup () + N x—y)—elx, ).
(y,y*)egr(T)

Equivalently,

Ff(x,x%) = (x*, x) — (B =x*y—x)+elx,y). (15)

inf
(v,y*)egr(T)

Note that, by e-monotonicity of T, if e(x, x) = 0 for every x € D(T), and (x, x*) €
gr(T), we have again that

Ty (x, x*) = (x*, x). (16)

Therefore F7. is proper as well. However, in general, it does not possess the property of being
lower semicontinuous and convex.

Remark 21 The (classical) Fitzpatrick function defined in (13) applied to e-monotone oper-
ators can give rise to a non proper function. Take, for instance, the operator T : R — 28

defined by T (x) = [0, 1] for every x € R. Then T is maximal e-monotone withe = |x — y

and Fr = +oo, but 77 (x, 0*) = 0 and so F7. is proper.

In the next proposition we give some elementary properties of F~.; for similar results see
Proposition 20.47 in [7].

Proposition 22 Suppose that T : X — 2X" is an e-monotone operator for some error
bifunction e, with e(x, x) = 0 for all x € D(T). Then

() F7 (x, x*) < {x*, x) if and only if gr (T') U {(x, x™)} is e-monotone;

() (F5 ()" (%, %) = Fr (6, x%) = F§ (x, x*) for every (x, x*) € gr(T);

(iii) for any o > 0, if T is instead e /o-monotone, then ]—"(eaT) (x,x*) = oz]-"fi (x, %) .

Proof The proof of (i) follows from the following equivalent statements:

(x*,x) = Fp (x,x%) = (x*, x) — ((V =x*y—x)+e(x,y)

inf
(v,y*)egr(T)

e inf fexty—x)+e(x,y)=0
(v, y*)egr(T) ((y Y ) Y )

= ' —xfy—x)t+e@x y) =0 V(y,y*) egr(T)
< gr(T)U{(x,x*)} is e-monotone.

To prove (ii): let (x, x*) € X x X*. Simple computations show that

(F£ ) = sup ({3, 5%), (55, x)) = FF (3, %))
(y,y¥)eX x X*

sup  ((x5, ) 4+ O x) = Ff (v, )
(3 )EX X+

> sup ((xM, )+ 0% x) =5 (0. 0Y)
(y,y*)egrT

= sup (5 )+ 05 x) =05 y)
(v,y*)egr T

=Fr (x, x*) > F% (x, x*) ,
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where we use the fact that 7. (x, x*) = (x*, x) on the graph of T'.
For the the proof of (iii), note that for « € R\{0}, (x, x*) € gr(T) if and only if (x, ax™) €
gr(aT). Then the assertion follows from the following equalities:

< x* x* N e(x,y)
afp(x,—|)=a sup (= +O%x—y —
o (y.y*)egr(T) \ & o

= sup () (@ x—y) —ex,y)
(v,y*)egr(T)

= sup () @y x—y) —e(x,y) = Fop (6, x7).
(y,ay*)egr(@T)

m}

The next result characterizes maximal e-monotone operators by generalizing a well-known
result for monotone operators (see [9], Theorem 3.8):

Theorem 23 SupposethatT : X — 2% " is an e-monotone operator for some error bifunction
e, withe(x,x) = 0forall x € D(T). Then, T is maximal e-monotone if and only if

Fi(x, x*) > (x*, x) 17)
whenever (x, x*) ¢ gr(T).

Proof For the necessary condition, note that if % (x, x*) < (x*, x), by (i) in Proposition 22
we have that gr (T') U {(x, x*)} is e-monotone, which contradicts maximality.

Conversely, if T is not maximal e-monotone, there exists (z,z*) € X x X*, (z,z%) ¢
gr(T), such that (y* — z*, y — z) + e(z, y) > 0, for every (y, y*) € gr(T). Thus,

@2 =+ 0" z—y) —e@y) YO,y ee(),
and therefore 77 (z, 2*) < (z*, z). =
By the previous result, we easily get the following

Corollary 24 Let T be maximal e-monotone for some error bifunction e, with e(x,x) = 0
forall x € D(T). Then F(x, x*) > (x*, x) for every (x, x*) € X x X*, and F (x, x*) =
(x*, x) if and only if (x, x*) € gr(T).

In this last part, we focus on the 2e-Fitzpatrick function of an e-subdifferential. Let us
first recall the following definition (see [5]):

Definition 25 Suppose that f : X — R U {400} is a proper and e-convex function, and
y € X is fixed. Then the function £, : X* — R U {+o0} defined by

Iy (x*) == sup {(x*,x) —fx) —e(x, y)} , Vx*eX*

xeX
is called the (e, y)-conjugate of f. Also, the function e*’; : X - R U {£o00} defined by
e*; (x) := sup [(x*,x) — f:y (x*)] , VxeX
x*eXx*

is called the (e, y)-biconjugate of f.
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Proposition 26 Let f : X — RU{+o00} be an e-convex function, and denote by 3° f : X —
2% jts e-subdifferential. Then

Falp (e, x*) < f) + £, V(x,x") € X x X*.
In addition, if e(x, x) = 0 for every x € dom(f), the equality holds if x* € 3¢ f (x).

Proof Taking into account that, from the definition of 3¢ f (y), (y*, x —y) < f(x) — f(y) +
e(x, y) for every y* € 3¢ f(y), simple computations show that

FalpGe,x®) = sup ((x%,y) —2e(x,y)+ sup  (y*,x—y)

yeD(“ f) y*eocf(y)
< sup () + fO0) = fO) —elx, )
yeD@“f)
=f+ Sug((x*, V)= f(y) —elx,y)
= f() + fi ().
Take now x* € 3¢ f (x); by (16) and Proposition 11 in [5] we can easily get
(¥, x) = Flp (e, x¥%) < f(0) + £ (%) = (6, x). (18)
[m]

Remark27 Let f : X — R U {400} be an e-convex function, such that 3¢ f is maximal
2e-monotone, and e(x, x) = 0 for every x € dom(f). Then, by combining Corollary 24 and
Proposition 26, we obtain that, for every (x, x*) € X x X*,

(x*, x) < fgff(x,x*) < @)+ [0 < (%) + e sy (3, x7) 19)

where 14 denotes the indicator function of A. Note that (19) provides a kind of refinement
of the Fenchel-Young inequality.

Moreover, the second inequality implies that for each x € X, we have dom(f) x
dom(f},) C dom(F3¢)).
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